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ARTIFICIAL 
INTELLIGENCE (A.I.)



AI is already in our life



AI is a broad field

Figures from Bharath Kumar Hemachandran (https://medium.com/@bharathkumar.h/artificial-intelligence-101-tech-terms-explained-for-non-tech-folks-3190d7e711cd)



Generate new original 
content: text, images, 
videos and audio

• Generative AI learns to  can create original 

utilizing patterns learned from training data
• Content can be essays, solutions to problems, 

programming code, music score, realistic fakes, 

painting, and etc.

• Large Language Model (LLM) is a type of 

generative AI that excels in natural language 

tasks such as summarization, Q&A,etc.



GPT-3.5

Personalized AI
AI Automation

Agentic AI

GPT-5
GPT-OSS-120b/20b (OpenW)

Claude Opus 4 / Sonnet 4
Gemini Deep Think

Llama 4 (not OpenW)
Gemma 3 (OpenW)

Magistral Small (reasoning)
QWEN 3



Get Customer Feedback
Search Rows

Aggregate All Feedback
Test aggregator

Analyze with ChatGPT
Create a completion (prompt) (GPT 

and o-series Models)

Send Insights via Email
Send an Email

New Support Email 
Received

Watch Emails

Make AI Tools
Identify Language

Router

Make AI Tools
Translate Text

Zendesk
Create a Ticket

Zendesk
Create a Ticket

Examples of agentic workflows



Data
(More on this later)



Mandatory Slide: Broad categories of collectible data 

https://lawtomated.com/structured-data-vs-unstructured-data-what-are-they-and-why-care/

Suitable tasks:
- Classical ML tasks

- Prediction
- Classification
- Clustering
- Etc. 

- Data retrieval
- Analytics tasks

Suitable tasks:
- Natural Language 

Processing (NLP)
- Text Analysis
- Etc. 

- Computer vision
- Generative AI and 

its applications

https://lawtomated.com/structured-data-vs-unstructured-data-what-are-they-and-why-care/


Strategy



Business Decisions

IT Infrastructure

Data Services

Business Applications



Common Issues: Data Silos

• Data Silos: separate data storages 
within an organization. Can result in 
issues such as:

• Limited view of organization data

• Data Inconsistency

• Discourage collaborative work

• For AI/ML models to perform well, 
high quality data is needed (in 
preferably large amount)

• There should be a centralized 
single source of truth for data. 

• This is also helpful for getting 
proper view of all available data

Figure: https://www.xtremepush.com/blog/what-is-the-impact-of-
customer-data-silos-and-how-can-you-fix-the-problem/



Common Solutions: Data Lake & Data Warehouse

Nowadays, though, organizations have multiple different use cases, requiring 
both type of storages



Data Lakehouse

API



AI Data Bank



ข้อมูลเปดิ

Dashboards/ 
Reports 

Raw Data
for AI/ML

เครื่องมือด้าน
Data Sci/AI
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Data Catalog
External 

Sources/Platform

Databases/APIs

Files Sensors

Data Platform

Open
data

APIs

Connectors/
APIs

จัดเก็บ

Overall view of data platform

Internal
Sources



Choices for deployment

• On-premise (local)
• Pros: Control over data/resources. 

Customizable.
• Cons: High operating/maintenance costs

• Cloud
• Pros:  Low operation costs. Reliable. Scalable
• Cons: Limited control. Require external 

connection

• Hybrid 
• Pros: Keep sensitive data locally. Cost saving
• Cons: Complex to manage. High technical 

debts

• Need to decide
• Which data goes on cloud?
• How are we using the cloud?

Our topic



Cloud service offerings

• IaaS (Infrastructure as a Service)

• Provide “machines” (VM) as requested

• Akins to lending private computers to users

• PaaS (Platform as a Service)

• Provide “platform” to build 
applications/systems

• Have pre-built components and tools available

• SaaS (Software as a Service)

• Provide ready-to-use “software” 

• User can access complete program via internet

Not much to 
talk about



Business Decisions

IT Infrastructure

Data Services

Business Applications



Business Journey

• It is almost never a good 
idea to blindly adopt 
technology

• Look for solutions to your 
problems, not the other 
way around

• Start from your pain 
points or things that 
should be improved 
• Look at journeys of your 

employees and customers



AI Use Cases Design

• ขั้นตอนการมองหาโอกาสในการน า AI มาใช้งาน

เลือกกระบวนการ

ท างาน/ข้ันตอน

ปฏิบัติงานภายใน

องค์กร

วิเคราะห์ว่า AI สามารถ

เข้ามาช่วยปรับปรุงใน

ข้ันตอนใดได้บ้าง

วิเคราะห์คุณค่าและ

ความเป็นไปได้ในการน า 

AI มาประยุกต์ใช้

1 2 3



Business Decisions

IT Infrastructure

Data Services

Business Applications



General RAG Pipeline (document-based)



31

General MLOps Pipeline

https://valohai.com/machine-learning-pipeline/



Planning for scale – Common Data Standard

TH-C-RIF

TH-C-RIF

TH-C-RIF

TH-C-RIF

TH-C-RIF

TH-C-RIF

TH-C-RIF

Research Performance and Reporting ประกอบการก าหนดนโยบายและยุทธศาสตร์ ววน.

USECASE 1

Project Approval, Project Monitoring and Evaluation ส าหรับการบริหารจัดการการให้ทุน

USECASE 2

One-Stop-Shop Research Information Service เพ่ือให้บริการข้อมูลววน.แบบเชื่อมโยงได้

USECASE 3

การวิเคราะห์ข้อมูลโดย Interactive Dashboard และแบบจ ำลองทางคณิตศาสตร์

USECASE อื่น ๆ



Data Governance



Data Governance : ธรรมาภิบาลข้อมูล

Accuracy   Completeness   Timeliness    Security    Privacy    Connectedness    Worthiness

Data management 
Policy

Organization &
Stewardship Audit

Building Knowledge &
Awareness

• Data Lifecycle
• Data Security & Privacy

• Data Quality Assurance
• Data Exchange

Function of
• DG Committee
• Steward team
• Data 

Controller/Processor/User

• Data Risk Management 
• Law & Regulation 

Compliance
• Data Quality Audit

• Program Coverage
• Measurement
• Ongoing

Data Management Policy : นโยบายการบริหารจัดการข้อมูล

Create Store Use Archive Destroy

Data
Lifecycle

Data Catalog Data Security & Privacy Data Quality

Fo
u

n
d

at
io

n

• What data ?
• Who’s the 

owner ?

• Search Tags
• Data sources

• Confidentiality
• Integrity

• Availability
• Accuracy
• Validity
• Timeliness

• Completeness
• Uniqueness
• Consistency

D
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a 
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an

ge



Data Governance

• Essentially, we want to be able to answer:
• What data ?

• Who owns it ?

• How often is it updated? 

• Where’s it from ?

• Along with being able to properly manage them

Quality Control Access ControlSecurity Control



Data Classification

What about using/storing data on cloud?



Data Classification (2) 37

https://www.facebook.com/photo/?fbid=1162230310942450&set=pcb.1162236190941862

https://www.facebook.com/photo/?fbid=1162230310942450&set=pcb.1162236190941862


Data Governance
For AI



Why do we particularly care about AI?

Source: Data Governance for AI by AIGC-ETDA, depa, iApp Technology



AI Governance

Source: Data Governance for AI by AIGC-ETDA
images by Uniconlabs @flaticon

Competitiveness & 
Sustainability

Transparency & 
Accountability 

Compliance with Laws, 
Ethics, Standard

ReliabilitySecurity & Privacy Equality & Fairness

Human-centric 
decision 
making



What role do data play in AI Governance?

Source: Data Governance for AI by AIGC-ETDA



Data Governance for AI

Source: Data Governance for AI by AIGC-ETDA



AI-Ready Data & AI Lifecycle

Source: Gartner, Data Governance for AI by AIGC-ETDA

Problem Definition 

& Solution Design

Data Collection & 

Preparation

Model Training

Model Evaluation

Model Deployment

Monitoring & 

Maintenance

AI Lifecycle



Bringing them together

Source: Data Governance for AI by AIGC-ETDA



Data Preparation Guideline

Source: Data Governance for AI by AIGC-ETDA
Images by Freepik, Konkapp, Nuricon from flaticon

• Use diverse datasets 
that covers all 
required scenario

• Perform quality 
control

• Contains metadata 
and data lineage

• Accurate Labeling of 
data

• Investigate inherent bias

• Use data that reflect 
actual usage for fine-
tuning or testing

• Transparent& 
Traceable

• Do not drastically 
differ from original 
training data

• Appropriate privacy 
handling

• Perform fairness 
evaluation

• Consider Input 
appropriateness

• Sensitive data?

• Personal data?

• Validate outputs before 
actual deployment

• Perform risk assessment

Original Model 
(from scratch)

Off-the-shelf
(service/software)

Open Source/ 
Pretrained Model



Data Quality Criteria



4 Key Components of Data Governance for AI

Source: Data Governance for AI by AIGC-ETDA
Images by Freepik from flaticon

• Data Owner

• Data Steward

• Data Custodian

• AI Model Owner

Roles & 
Responsibilities

Metadata & Data 
Lineage

Policy & 
Standards

Risk 
Management

• Metadata: data that 
explain the context 
of data

• Format, owners, 
update freq., etc.

• Data Lineage: the 
process of tracking 
data over time 

• Origin, end point, 
transformation

• Purpose Limitation

• Consent 
Management

• Data Management 
Policy/Lifecycle

• Data Bias

• Privacy Risk

• Legal Risk

• Mitigation:

• Bias Assessment

• De-identification

• Impact 
Assessment



Example of Roles & Responsibility in AI Life Cycle

Source: Data Governance for AI by AIGC-ETDA

• R: Responsible

• A: Accountable

• C: Consulted

• I: Informed



AI-Ready Data Governance Framework

Source: Data Governance for AI by AIGC-ETDA



Thank You
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